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The COVID-19 pandemic that occurred in the period 2020 to 2021 had a 

very significant impact on the Indonesian economy, including causing a 

slowdown in Indonesia's economic growth, which fell from 5.02% in 

2019 to 2.97% in 2020 and an increase in the poverty rate in Indonesia 

from 9.41% in 2019 then increasing to 9.78% in 2020 and rising again to 

10.14% in 2021. The Information and Communications Technology 

Development Index (IP-TIK), Gross Regional Domestic Per Capita, and 

the Gini Index in a region influence the poverty rate of the population in 

that region. In this research, the author wants to know how much 

influence these variables have on the percentage of poor people in 

Indonesia. This research uses panel data regression analysis for 2020, 

2021, to 2022. Panel data was processed from 34 provinces in Indonesia 

in the 2020-2022 time period with the eviews 12 application. A series of 

model tests found that the Fixed Effect Model was the most suitable. The 

results of the research show that there is quite a significant influence of 

those variables on the percentage of poor people in Indonesia in 2020-

2022. The results of this research can be a basis for the Government to 

continue to improve services to the community in terms of developing 

information and communication technology infrastructure and further 

reducing inequality in society. 
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INTRODUCTION 

The COVID-19 pandemic from 2020 to 2021 has changed the order of life and relationships 

between people (Birditt et al., 2021). This incident also significantly impacted the Indonesian 

economy, including causing a slowdown in Indonesia's economic growth, which fell from 5.02% in 

2019 to 2.97% in 2020 (Puspitasari et al., 2023). There was a change in the global supply chain, a 

network between market players worldwide. Due to lockdowns and regional restrictions worldwide 

(Inoue et al., 2020). This resulted in a decrease in foreign investment in Indonesia. Economic 

activities in society have also been disrupted, including producing goods, distributing products, and 

marketing processes for goods and services worldwide. Indonesia's exports also decreased by around 

2.6% in 2020 compared to the previous year (Widia et al., 2023). 

According to (Pandey Pal, 2020), the COVID-19 pandemic has also caused internet use to 

increase sharply. Internet use during the pandemic increased because work activities changed to work 

from home (WFH), learning activities became online or distance education, shopping activities also 

changed to online shopping and online payments, industrial activities changed towards industrial 

digitalization, and treatment methods changed to telemedicine (Rachmawati, Choirunnisa, et al., 

2021). We all have to adapt to a new life. For the Government, this is used as momentum to accelerate 

digital transformation. 
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This global outbreak makes digital transformation happen more quickly. It requires equal 

information communication technology (ICT) distribution in Indonesia (Rachmawati, Sari, et al., 

2021). The Government also runs a digital infrastructure development program in 12,508 

underdeveloped villages. The availability of infrastructure, accelerating the expansion of access, and 

improving digital infrastructure are some of the issues concerning the Government. 

The COVID-19 pandemic that occurred at the beginning of 2020 has also prompted changes 

in communication procedures in communities worldwide (Tambo et al., 2021). CORONA VIRUS 

DISEASE 2019, abbreviated as COVID-19, is a virus that causes pneumonia or acute shortness of 

breath. This infectious and deadly disease outbreak first spread in Wuhan, China (Ouassou et al., 

2020). In March 2020, the World Health Organization (WHO) stated that COVID-19 had spread 

widely and caused a global pandemic, so it was necessary to declare a global health emergency 

(Zanke et al., 2020). On April 13, 2020, the President of the Republic of Indonesia, Joko Widodo, also 

followed suit by enacting Presidential Decree Number 12 of 2020 concerning the designation of non-

natural disasters as the spread of COVID-19 as a national disaster (Satriawan & Seviyana, 2021). 

This national and even international health emergency has had a major impact on life in 

society, both socially and economically. Hence, changes need to be made in patterns of work, study, 

worship, and many other activities. This is also accompanied by the implementation of social and 

physical distancing to break the chain of the spread of COVID-19 (Nugroho et al., 2021). The 

COVID-19 pandemic has pressured the Government and society to innovate in all communication 

procedures and carry out all activities, including work. Physical distancing and social distancing 

implemented in social procedures encourage all parties to discover and follow developments in 

information technology to communicate and fulfil daily life needs (Dwivedi et al., 2020). From this 

perspective, it is expected that the penetration of information and communication technologies will 

contribute significantly to the fight against poverty and social exclusion, supporting, on the one hand, 

production and commercial exchange by providing monetary resources, access to employment, 

product redistribution and political access (participation) and social rights (health, education, culture, 

housing). On the other hand, it also avoids communication isolation by obtaining information that 

produces knowledge about existing policies. Thus, one of their basic needs, such as communication, is 

fulfilled. 

Apart from economic growth and the problem of income inequality, since the industrial 

revolution in the world, changes in culture and people's way of life cannot be separated from 

technological developments. This has also become a discussion for many groups about the role of the 

technology industry in adding value to human life, both economically and socially. Then, what is the 

role of this technology in alleviating poverty? 

Whether we realize it or not, we are now transitioning from the industrial era 4.0 to industry 

5.0. The Industrial Revolution 5.0 started when Industry 4.0 was at its peak, and experts believe that 

the 4.0 era can be completed again. Industry 4.0, launched in 2011, is the modernization of business 

processes, especially in industry. This era also saw the introduction of many technologies that 

industry players are still adapting, such as artificial intelligence and IOT, to make their work easier. 

Then, in 2017, Japan became the first country to adopt the vision of Industrial Revolution 5.0 

(Mourtzis et al., 2022) (Ghobakhloo, 2020). 

One of the characteristics of the Industrial Revolution 5.0 is the application of advanced 

technology. This directly impacts social life, ultimately leading to "Society 5.0" or "Society 5.0". Era 

Society 5.0 is a societal concept that places humans at the centre of solving social problems by 

focusing on technology. Society 5.0 was inaugurated on January 21 2019, as a resolution for the 
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Industrial Revolution 4.0. This concept was first initiated in Japan, where people began interacting 

with new technology and integrating it into their lives (Gunawan et al., 2022). 

Overall, the impact of society 5.0 is expected to provide benefits such as increasing 

productivity, quality, and production safety, creating new job opportunities and reducing negative 

environmental impacts. In Indonesia itself, whether Industrial Revolution 5.0 or Society 5.0 is still 

being debated whether we are in it or not. 

According to the theory of technological determinism, which was first created by Thorstein 

Veblen (1857-1929) in 1920, technology is an independent entity so that technology develops itself 

which will ultimately have a new influence on society (Butler & Draper, n.d.). Based on the history of 

the emergence of technological determinism, the meaning of technological determinism is that each 

generation of humans will have its inventors who then create a technological work, which becomes 

the basis for human development in each subsequent era. This further clarifies the idea that there has 

been a close relationship between technological development and society for a long time until finally, 

it was called technological determinism. 

Digital transformation is a program that the Government relies on to face the new normal 

way of life after the COVID-19 pandemic. The Government has rolled out policies to accelerate 

digital transformation (Yu et al., 2023), including the Electronic-Based Government System program 

initiated by the Ministry of PAN-RB. Meanwhile, the Director General of Information Applications at 

the Ministry of Communication and Information in 2020 will focus on accelerating national digital 

transformation within a comprehensive and sustainable human resource development framework in 

the digital sector, which prioritizes increasing digital literacy, meeting digital talent needs, and 

advancing digital skills for chief level. Another challenge in digital transformation is changing 

mindsets, creating innovative services, finding the right service model, and doing it at high speed 

(Volberda et al., 2021). All the efforts made by the Government are simultaneously to reduce the 

poverty rate due to the economic slowdown and widening income gap since the COVID-19 outbreak 

in early 2020 to 2021. 

François Bourguignon, Senior Vice President and Chief Economist of the World Bank, 2003, a 

paper presented at a conference in Paris on November 13 2003, coined the Poverty Growth Inequality 

(PGI) Triangle model translated as the Poverty Triangle. The poverty triangle refers to the idea that 

changes in income growth and income inequality can completely determine changes in a country's 

poverty. According to the model, development strategies must also be based on income growth and 

inequality. In the Poverty-Growth-Inequality Triangle model, it can be explained that reducing 

poverty requires adopting policy strategies that can increase economic growth and national policies 

that can also reduce inequality. A development strategy that focuses on only one thing will reduce the 

opportunity to reduce absolute poverty levels. Based on this model, in the development process of 

poverty alleviation in a country, two approaches can be taken: encouraging economic growth or 

seeking a more even distribution of income (eliminating or reducing gaps/inequality). Economic 

growth can cause inequality and inequality so that there is a fairly close relationship between rising 

and falling levels, increasing and decreasing levels of economic growth, and income distribution. 
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Picture 1 Poverty-Growth-Inequality Triangle Model 

The Poverty Growth Inequality Triangle Model explains that changes in inequality affect 

absolute poverty in two ways. First, changes in relative poverty affect absolute poverty. Second, 

changes in relative poverty change the elasticity of poverty growth. Redistribution of income means 

there will be poverty alleviation for certain levels of growth. Consequently, policies that only focus on 

growth with consideration of equality will result in adequate efforts to control poverty alleviation. 

CT has the potential to help poor people to acquire literacy skills, marketable skills, and so on. 

According to (Widiastuti, 2014), the presence of information will enable someone to develop ideas, 

get new opportunities, and learn from others. Equal development will be effective only if carried out 

in tandem with equal distribution of information and communication. Meanwhile, according to 

Subhan and Mujer, government assistance programs for poor people, including capital assistance and 

assistance for basic needs, are often off-target due to limited information (Yusup et al., 2017). 

The results of research (Rodríguez & Sánchez-Riofrío, 2017) and (Murolo, 2010) in the city 

of Bolivar and the city of Villa del Rosario, namely in cities on the border of Colombia and 

Venezuela, information and communication technology can bridge the digital divide, empower 

society and become a means of public policy for reducing poverty. 

From this perspective, it is expected that the penetration of information and communication 

technologies will contribute significantly to the fight against poverty and social exclusion, supporting, 

on the one hand, production and commercial exchange by providing monetary resources, access to 

work on equal terms, redistribution of acquired products in both cities and political access 

(participation) and social rights (health, education, culture, housing). 

This research wants to find the relationship between the influence of Information and 

Communication Technology development, economic growth, and economic inequality in the 

Indonesian region in 2020-2022, which is crucial for the COVID-19 pandemic. This period is a time 

of change in the way of communicating and interacting in society with the massive use of information 

and communication technology, so the author feels interested in researching the influence of 

information and communication technology while linking it to economic growth, income inequality, 

and poverty levels in Indonesia. 

From this research, the public will understand the influence of information and 

communication technology as well as per capita income and inequality in income distribution and 

which variables have more influence so that this will become the basis for the public and Government 

to take follow-up action in the future. 
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METHOD 

The research method uses quantitative methods. This research uses Eviews 12 using panel 

data regression analysis test tools. Data sources from data secunder by the Central Bureau of Statistics 

Republic Indonesia on the website and publication by time 2020,2021 and 2022. Data is collected by 

the Central Bureau of Statistics Republic Indonesia annually. The independent variable in this 

research is the percentage of poverty rate in 2020-2022, while the dependent variable, namely X1, is 

Information and Communication Technology Index in 2020-2022, X2 is Gini Ratio Picture/Index for 

2020-2022, while X3 is GRDP per capita in 2020-2022 and. time research is in 2020, 2021 and 2022 

period.  

 

RESULTS AND DISCUSSION 

After entering the data, we must conduct a multicollinearity test to ensure no correlation 

between the independent variables. Meanwhile, the normality test may or may not be carried out for 

population data of more than 30. However, the author carried out a normality test on this data and 

found that the data was normally distributed. At the beginning of the process, we also have to form 

the data into three models, namely the common effect model, fixed effect model and random effect 

model. Then, we choose which model is most suitable through the Haussman, Chow, and Lagrange 

Multiplier Test. 

Multicollinearity Test Results 

 
Picture 2 Multicollinearity Test Results 

The multicollinearity test showed that all variables had values below 0.80, so they were free 

from multicollinearity. 

Jarque Berra Test Results 

 
Picture 3 Jarque Berra Test Results 

In testing the data's normality, the Jarque Berra test results showed a P value of 0.06654, more 

than 0.05, so the data was normally distributed. 

The results of the model formed before testing are as follows: 

 

 

X1 X2 X3

X1  1.000000  0.552415  0.161596

X2  0.552415  1.000000  0.062720

X3  0.161596  0.062720  1.000000
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Series: Standardized Residuals

Sample 2020 2022

Observations 102

Mean       3.37e-17

Median   0.029403

Maximum  0.694887

Minimum -0.906498

Std. Dev.   0.289008

Skewness  -0.518253

Kurtosis   3.448141

Jarque-Bera  5.419491

Probability  0.066554
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Table 1 Common Effect Model Results 

 
In the common effect model, the results obtained are as above. Then, we continue with the results 

from the Fixed effect model. 

Table 2 Fixed Effect Model Results 

 
The following are the results of the Fixed Effect Model. We will test the results of the Fixed Effect 

Model and the Common Effect Model using the Chow Test to determine which model is the best. 

Table 3 Random Effect Model Results 

 

Dependent Variable: Y

Method: Panel Least Squares

Date: 10/12/23   Time: 11:04

Sample: 2020 2022

Periods included: 3

Cross-sections included: 34

Total panel (balanced) observations: 102

Variable Coefficient Std. Error t-Statistic Prob.  

C 22.25178 4.093288 5.436162 0.0000

X1 -5.194294 0.616609 -8.423970 0.0000

X2 5.43E-07 1.32E-05 0.041193 0.9672

X3 52.04008 8.738524 5.955248 0.0000

R-squared 0.551581     Mean dependent var 10.47745

Adjusted R-squared 0.537854     S.D. dependent var 5.314542

S.E. of regression 3.612897     Akaike info criterion 5.445323

Sum squared resid 1279.196     Schwarz criterion 5.548263

Log likelihood -273.7115     Hannan-Quinn criter. 5.487007

F-statistic 40.18186     Durbin-Watson stat 0.146706

Prob(F-statistic) 0.000000

Dependent Variable: Y

Method: Panel Least Squares

Date: 10/12/23   Time: 11:06

Sample: 2020 2022

Periods included: 3

Cross-sections included: 34

Total panel (balanced) observations: 102

Variable Coefficient Std. Error t-Statistic Prob.  

C 3.364938 3.573997 0.941506 0.3499

X1 0.298450 0.299458 0.996636 0.3226

X2 -4.73E-05 2.43E-05 -1.944217 0.0562

X3 21.56369 7.589508 2.841250 0.0060

Effects Specification

Cross-section fixed (dummy variables)

R-squared 0.997043     Mean dependent var 10.47745

Adjusted R-squared 0.995405     S.D. dependent var 5.314542

S.E. of regression 0.360258     Akaike info criterion 1.070913

Sum squared resid 8.436090     Schwarz criterion 2.023109

Log likelihood -17.61658     Hannan-Quinn criter. 1.456490

F-statistic 608.7466     Durbin-Watson stat 2.987209

Prob(F-statistic) 0.000000

Dependent Variable: Y

Method: Panel EGLS (Cross-section random effects)

Date: 10/12/23   Time: 11:09

Sample: 2020 2022

Periods included: 3

Cross-sections included: 34

Total panel (balanced) observations: 102

Swamy and Arora estimator of component variances

Variable Coefficient Std. Error t-Statistic Prob.  

C 4.714989 3.206500 1.470447 0.1446

X1 0.063086 0.270004 0.233648 0.8157

X2 -4.93E-05 1.57E-05 -3.136690 0.0023

X3 21.82474 6.683770 3.265335 0.0015

Effects Specification

S.D.  Rho  

Cross-section random 3.614387 0.9902

Idiosyncratic random 0.360258 0.0098

Weighted Statistics

R-squared 0.168435     Mean dependent var 0.601944

Adjusted R-squared 0.142979     S.D. dependent var 0.438683

S.E. of regression 0.406113     Sum squared resid 16.16292

F-statistic 6.616712     Durbin-Watson stat 1.618072

Prob(F-statistic) 0.000406

Unweighted Statistics

R-squared 0.192944     Mean dependent var 10.47745

Sum squared resid 2302.274     Durbin-Watson stat 0.011360
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After obtaining the random effect model as above, we carry out the Hausman test to choose 

between the fixed effect model and the random effect model, which is most suitable. Meanwhile, the 

Lagrange Multiplier test determines the best between the Common Effect and Random Effect models. 

Test results with Eviews 12 are as follows: 

Table 4 Chow Test Results 

 
The way to interpret the Chow Test is if the value of Prob. Cross-section Chi-square < 0.05, we 

will choose fixed effects over common ones. Moreover, conversely, if the value is > 0.05, we will 

choose the common effect over the fixed effect. From the test results, the Probability value was 

obtained that Cross-section Chi-square < 0.05 then the Fixed Effect Model is better than the Common 

Effect Model on this data. 

Table 5 Haussman Test Results 

 

Redundant Fixed Effects Tests

Equation: Untitled

Test cross-section fixed effects

Effects Test Statistic  d.f. Prob. 

Cross-section F 296.702908 (33,65) 0.0000

Cross-section Chi-square 512.189767 33 0.0000

Cross-section fixed effects test equation:

Dependent Variable: Y

Method: Panel Least Squares

Date: 10/12/23   Time: 11:19

Sample: 2020 2022

Periods included: 3

Cross-sections included: 34

Total panel (balanced) observations: 102

Variable Coefficient Std. Error t-Statistic Prob.  

C 22.25178 4.093288 5.436162 0.0000

X1 -5.194294 0.616609 -8.423970 0.0000

X2 5.43E-07 1.32E-05 0.041193 0.9672

X3 52.04008 8.738524 5.955248 0.0000

R-squared 0.551581     Mean dependent var 10.47745

Adjusted R-squared 0.537854     S.D. dependent var 5.314542

S.E. of regression 3.612897     Akaike info criterion 5.445323

Sum squared resid 1279.196     Schwarz criterion 5.548263

Log likelihood -273.7115     Hannan-Quinn criter. 5.487007

F-statistic 40.18186     Durbin-Watson stat 0.146706

Prob(F-statistic) 0.000000

Correlated Random Effects - Hausman Test

Equation: Untitled

Test cross-section random effects

Test Summary Chi-Sq. Statistic Chi-Sq. d.f. Prob. 

Cross-section random 29.535132 3 0.0000

Cross-section random effects test comparisons:

Variable Fixed  Random Var(Diff.) Prob. 

X1 0.298450 0.063086 0.016773 0.0692

X2 -0.000047 -0.000049 0.000000 0.9130

X3 21.563692 21.824744 12.927851 0.9421

Cross-section random effects test equation:

Dependent Variable: Y

Method: Panel Least Squares

Date: 10/12/23   Time: 11:16

Sample: 2020 2022

Periods included: 3

Cross-sections included: 34

Total panel (balanced) observations: 102

Variable Coefficient Std. Error t-Statistic Prob.  

C 3.364938 3.573997 0.941506 0.3499

X1 0.298450 0.299458 0.996636 0.3226

X2 -4.73E-05 2.43E-05 -1.944217 0.0562

X3 21.56369 7.589508 2.841250 0.0060

Effects Specification

Cross-section fixed (dummy variables)

R-squared 0.997043     Mean dependent var 10.47745

Adjusted R-squared 0.995405     S.D. dependent var 5.314542

S.E. of regression 0.360258     Akaike info criterion 1.070913

Sum squared resid 8.436090     Schwarz criterion 2.023109

Log likelihood -17.61658     Hannan-Quinn criter. 1.456490

F-statistic 608.7466     Durbin-Watson stat 2.987209

Prob(F-statistic) 0.000000
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From the Chow Test results, the F table was 0.0000 < 0.05, so it could be concluded that the 

Chow test results accepted H1 or the fixed effect model was better than the common effect model. 

Meanwhile, from the Haussman Test results, the random cross-section probability results were 

smaller than the 0.05 significance level (0.0000 < 0.05). So, the results of the Hausman test accept H1 

or the fixed effect model is more appropriate to use in this research. Because the Chow and Haussman 

Test have been decided to use the Fixed Effect Model, we no longer carry out the Lagrange Multiplier 

Test. 

The results of the Fixed Effect Model, which is the most suitable model, can be described as 

follows: 

Table 6 Fixed Effect Model Results 

 

It can be concluded that the Information and Communication Technology Development Index 

partially has no significant effect because the probability value of 0.3226 is greater than the t-table 

value of 0.05, for the Gini Ratio Index, which has no significant effect with a probability value of 

0.0562 which is greater from the t-table 0.05. Meanwhile, the GRDP per Capita variable (2020-2022) 

has a significant effect with a probability value of 0.0060, smaller than the t-table of 0.05. Meanwhile, 

simultaneously or together, these three variables significantly affect the value of variable Y 

(Percentage of Poor Population 2020-2022) because the probability value of 0.0000 is smaller than the 

F table of 0.05. So H1 is proven that the Information and Communication Technology Development 

Index (IP-TIK), Gross Regional Domestic Product Per Capita (GRDP Per Capita), and the Gini Index 

significantly affect Indonesia's Percentage of the Poor Population in 2020-2022. 

Panel Data Regression Results according to the Fixed Effect Model (FEM): 

Yit = α+β1X1it+β2X2it+..+βpXpit+εit 

Yit = α+β1X1it+β2X2it+..+βpXpit+μi ++νit 

i=1,2,…,N; t=1,2,..,T; with μi being fixed, then 

Yit = (α+ μi )+β1X1it+β2X2it+..+βpXpit+νit 

Yit = αi +β1X1it+β2X2it+..+βpXpit+νit 

 

 

Dependent Variable: Y

Method: Panel Least Squares

Date: 10/12/23   Time: 11:06

Sample: 2020 2022

Periods included: 3

Cross-sections included: 34

Total panel (balanced) observations: 102

Variable Coefficient Std. Error t-Statistic Prob.  

C 3.364938 3.573997 0.941506 0.3499

X1 0.298450 0.299458 0.996636 0.3226

X2 -4.73E-05 2.43E-05 -1.944217 0.0562

X3 21.56369 7.589508 2.841250 0.0060

Effects Specification

Cross-section fixed (dummy variables)

R-squared 0.997043     Mean dependent var 10.47745

Adjusted R-squared 0.995405     S.D. dependent var 5.314542

S.E. of regression 0.360258     Akaike info criterion 1.070913

Sum squared resid 8.436090     Schwarz criterion 2.023109

Log likelihood -17.61658     Hannan-Quinn criter. 1.456490

F-statistic 608.7466     Durbin-Watson stat 2.987209

Prob(F-statistic) 0.000000
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Information: 

a) There is a correlation between μi and the regressor (X), so E(μi|X)≠0, E(vi|X)≠0, εit=μi+νit 

b) μi is the residual cross-section or unobservable individual-specific effect for the 
first

 individual and 

is constant over time. 

c) Differences between individuals can be accommodated through differences in "intercept". 

The panel data regression equation formed can be formulated as follows: 

Y = (3.365+    + 0.298X 1 – 4.73X 2 + 21.564X 3 

For value,    or considerations obtained from the Eviews results for each province in this Fixed 

Effect Model are as follows: 

No PROVINSI Effect No PROVINSI Effect 

1 Aceh 4.326771 18 West Nusa Tenggara 1.649018 

2 North Sumatra -1.351360 19 East Nusa Tenggara 9.033633 

3 West Sumatra -3.847102 20 West Kalimantan -3.550295 

4 Riau -1.535911 21 Central Kalimantan -5.094016 

5 Jambi -2.125615 22 South Kalimantan -6.054619 

6 South Sumatra 1.939584 23 East Kalimantan -0.039631 

7 Bengkulu 4.037809 24 North Kalimantan -0.174862 

8 Lampung 1.605879 25 North Sulawesi -3.772593 

9 Kep. Bangka Belitung -4.030478 26 Central Sulawesi 3.288446 

10 Kep. Riau -2.498404 27 South Sulawesi -2.804371 

11 DKI Jakarta -1.514784 28 Southeast Sulawesi -0.440842 

12 West Java -4.411082 29 Gorontalo 2.706763 

13 Central Java -0.364176 30 West Sulawesi -0.310762 

14 In Yogyakarta -1.432430 31 Maluku 6.136707 

15 East Java -0.147309 32 North Maluku -3.239611 

16 Banten -4.979597 33 West Papua 10.95952 

17 Bali -7.400593 34 Papua 15.43631 

Table 7 Results of Cross-Section Effects 

This    is the weighting value for each province in the panel data equation. So, an intercept 

value varies between cross-section units but is constant, assuming that the slope coefficient is constant 

between cross-section units. The presence of index    in the equation's intercept indicates that the unit 

cross-section's intercept differs. These differences are due to the special features of each cross-section 

unit. In estimation, this equation is carried out using dummy variable techniques so that a new 

equation is created by entering the value of each intercept. 

 

CONCLUSION 

The results of this research show that the Information and Communication Technology 

Development Index (IP-TIK), Gross Regional Domestic Product Per Capita (GRDP Per Capita), and 

the Gini Index have a significant effect on the percentage of the Poor Population in Indonesia in 2020-

2022 simultaneously. This can be a basis for the Government in the future to continue to pay attention 

to and prioritize the improvement and distribution of infrastructure and services to ensure the 

availability and continuity of technology, information, and communication facilities for the 

Indonesian population. However, in the meantime, the Government must continue to pay attention to 

aspects of economic growth and income distribution for all Indonesian people so that the growth of 

poverty rates in Indonesia can be reduced. A balance must always be maintained between economic 

growth and per capita income in society so that inequality is not too far. 
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